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Key concepts for LLMs and Al agents: the shared
vocabulary your first project needs

Agree on ten concepts before kickoff, or
re-litigate them in change-requests later
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02 Agree on ten concepts before kickoff,
or re-litigate them in change-requests
later

Training is a sunk cost you rarely pay;
inference is the per-request bill you always pay

One-off

Training is a one-off cost
already paid by the vendor

$/token

Inference bills on every API Budget for inference, not
call you make training

Frontier models are traned on tllons  You pay e token — inputand output Retrieving your data af request ime
(RAG) i aste, cheaper and easier to
update han fine-tuning. Model your

Anthvopic inference cost tokens per request

Vindex 2004 request

raning on a

your
ypical projct Volume anves cost
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inference is the per-request bill you
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Treat confident wrong answers as a product risk
and mitigate with retrieval, structure and checks
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If you cannot measure quality on a fixed test
set, you cannot ship or improve the system

Build a frozen test set
any prompts
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11 If you cannot measure quality on a
fixed test set, you cannot ship or
improve the system

Key concepts for LLMs and Al agents: the shared vocabulary your first project needs - 12 slides - page 1
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How an LLM works: to
the model holds and v

How you shape its behaviour: retreval, prompting
and hallucination controls are your levers:

tow  tinto an agent: function calls and
100ps turn answers ino actions.

One concept per slide, each tied to the
project decision it drives

Retrieval, not re-training, is the default
way to put your data in front of the model
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Retrieval, not re-training, is the default
way to put your data in front of the
model

Function calling turns the model from a writer into an actor on your systems
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Function calling turns the model from a
writer into an actor on your systems

Guardrails, cost and latency are the three
gates every Al feature passes before launch
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Confirm alignment on
these ten concepts,
assign owners for ‘Agree latency SLA and identiy caching or fallback sirategy when the
guardrails, cost and 3 model i siow
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the project kickoff

Guardrails, cost and latency are the
three gates every Al feature passes
before launch

T xt window caps what the model reads at
once, so it caps your document and prompt design

~4 chars 8K-1M

A token is roughly four
characters of English text

span 8K to
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04 The context window caps what the
model reads at once, so it caps your
document and prompt design
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07 Try prompting first; fine-tune only when

prompting plateaus on a stable task

An agent is a loop that plans, acts and checks
itself; memory decides how far it can go
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Observe and update  Return result or
escalate

10 An agentis a loop that plans, acts and

checks itself; memory decides how far
it can go
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